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BACKGROUND RESULTS - Temporal analysis reveals 63.6% of ChatGPT's events matched with NASA,
Landslides are mass movements of materials such as rocks, earth, or debris . This word map displays the key words that helped LLMs retrieve the landslide while 57.1% of Perplexity’s events matched with NASA.
down a slope. It can happen suddenly or over a long period of time. events. . Although ChatGPT was able to compile more data, Perplexity's dates were
Landslcljc.jes E?n happen anywhere and can be very destructive and % o goloulder  construction slightly closer to NASA's as Perplexity had an average difference of 1.25 days,
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Motivated by recent advancements in Al and the need for research in this
field, we have decided to explore how effective Large Language
Models (LLMs) are at identifying and retrieving real-world landslide events.
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Figure 5. Accuracy of Landslide Events by Al based on NASA Event Dates
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CONCLUSION AND FUTURE STUDIES

ChatGPT is better than Perplexity at reporting information on events overall.

« Qut of the 21 landslide locations, ChatGPT matched 47.6% with NASA and

We developed mismatched 4.8%.

prompts with 3

- Perplexity matched 28.6% locations and mismatched 9.5%.

levels of .
re . . . The more specific the prompt, the more data on events reported by ChatGPT.
specificity - Both Al models matched locations at 28.6% and mismatched at 4.8%. P P P P 4
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Larger sample size of events and large trials need to be used to verify results.
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Figure 4. Al model location accuracy based on NASA catalog

Figure 1. Methodology Flow Chart
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